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• This study evaluated the performance of generative AI in producing
radiology reports for chest X-ray (CXR) and musculoskeletal (MSK)
studies.

• Two independent radiologists assessed the AI-generated reports
using a 5-point Likert scale across four metrics:
comprehensiveness, clarity, factual accuracy, and conciseness.
Likert scores (combined CXR and MSK):
• Average among the two radiologists: 4.35
(comprehensiveness), 4.64 (clarity), 4.59 (factual accuracy),
and 4.26 (conciseness).

• Individual from radiologist 1: 4.39 (comprehensiveness), 4.61
(clarity), 4.35 (factual accuracy), and 3.63 (conciseness).

• Individual from radiologist 2: 4.31 (comprehensiveness), 4.66
(clarity), 4.82 (factual accuracy), and 4.89 (consciousness).

• No significant differences were found between the two
radiologists’ scores for comprehensiveness (p=0.56) and clarity
(p=0.63).

• A significant difference was observed in the scores for factual
accuracy (p=0.0004) and conciseness (p=0.0001).

• In radiology, the generation of reports is critical for patient
management, though can be time-consuming and labor-
intensive.

• Studies have demonstrated the potential of AI in generating
comprehensible and clinically relevant radiology reports.

• This study aims investigate the feasibility of a hands-free
radiology reporting system leveraging voice-to-text technology
and generative AI to streamline the reporting process (i.e.,
improve time efficiency, aid report standardization, and reduce
radiologist workload).

• This study utilized a prospective design:
• 100 chest X-ray and MSK reports were generated using

traditional methods and an automated process using
generative AI.

• A radiologist dictated their findings into a voice-to-text
software (Dragon) creating a raw text transcript.

• GPT-4 was used to develop an AI-generated report based
on our institution’s template.

• With the radiologist’s traditional reports as comparisons,
two additional radiologists evaluated all reports for quality
on a 5-point Likert scale.

INTRODUCTION

Figure 1: Likert Scale utilized to evaluate conciseness, factual accuracy, 
clarity, and comprehensiveness of radiology reports.

• This study highlights the potential of voice-to-text and generative AI
integration in radiology reporting.

• Increased time efficiency can allow radiologists to focus more on
complex cases and patient care.

• Further development and refinement are required to address
comprehensiveness and occasional inaccuracies.

• Ongoing advancements in AI and speech recognition technologies
suggest a positive outlook for future implementations in medical
reporting.
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5/5: The report is comprehensive, offering an exceptional impression that matches the quality 
and substance of the radiologists’ assessment. No modifications are deemed necessary.

4/5: The report is detailed and conveys a good impression, closely approximating the 
radiologists’ impression. Minimal modifications required.

3/5: The report is satisfactory and conveys an adequate impression but omits minor details. 
Moderate modifications required.

2/5: The report is missing critical information and fails to provide an impression that meets 
basic professional standards. Substantial modifications required.

1/5: The report is fundamentally inadequate, providing a poor impression lacking in key areas 
of information. Extensive revisions required.
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Figures 2a, 2b: Average values of conciseness, factual accuracy, clarity, and comprehensiveness of chest X-ray (CXR) and 
musculoskeletal (MSK) generative AI reports, as evaluated by radiologist 1.

Figures 3a, 3b: Average values of conciseness, factual accuracy, clarity, and comprehensiveness of chest X-ray (CXR) and 
musculoskeletal (MSK) generative AI reports, as evaluated by radiologist 2.
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